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Effects of the number of options on a choice set

The number of alternatives seems to influence choices
• preference matching effect vs. choice overload hypothesis

The recent literature:

• Rolfe/Bennett (2009), Zhang/Adamowicz (2011), Czajkowski et al. (2015)
All compare sets with 2 (1BAU / 1PRO) and 3 (1BAU / 2PRO) options, i.e. binary versus multiple
RB: serial non-participation in 2 ALT split; more robust models in 3 ALT split
 ZA: Choice format effect likely results from two offsetting effects: task complexity increases 

probability of SQ choice, and a preference matching effect decreases the probability
 C et al.: no significant differences regarding mean WTP estimates, but lower standard errors for 3 alternative 

sets; thus, sets with 3 alternatives increase efficiency without biasing results

• Oehlmann et al. (2016) use a design-of-design approach
design-of-design approach, varying, among others, the number of alternatives from 3 to 5 (always 

1 BAU)
 Less BAU/SQ choices with increasing number of ALT choices (see next slide) – probably also PME
Complexity (measured via entropy) decreases number of ALT choices
Choice task format (not only number of alternatives) has a huge impact on welfare measures



Treatments
randomly assigned

T1
2 alternatives

8 Choice Sets
randomized order

T1_R
4 Choice Sets

randomly drawn from
T1 

n = 310
obs = 9920

T2
3 alternatives

8 Choice Sets
randomized order

T2_R
4 Choice Sets

randomly drawn from
T2 

n = 304
obs = 14592 

T3
4 alternatives

8 Choice Sets
randomized order

T3_R
4 Choice Sets

randomly drawn from
T3 

n = 311
obs = 19904 

T4
5 alternatives

8 Choice Sets
randomized order

T4_R
4 Choice Sets

randomly drawn from
T4 

n = 305
obs = 24400

T5
6 alternatives

8 Choice Sets
randomized order

T5_R
4 Choice Sets

randomly drawn
from T5 

n = 282
obs = 27072



Choice set - 6 options



Frequency of SQ choices (in %)



Same choice for repeated tasks



Attribute ranking



Ranking litter attribute (in %)



Ranking cost attribute (in %)



Marginal WTP from CL model

clarity fish biodiversity coast litter 

T1 Mean 43.86 71.98 38.34 26.83 61.38

2 options lower 32.56 45.78 27.53 2.18 49.79

upper 55.15 98.18 49.16 51.49 72.96

T2 Mean 33.46 82.17 59.16 -14.12 66.92

3 options lower 24.42 59.39 48.29 -36.09 55.02

upper 42.50 104.96 70.02 7.85 78.82

T3 Mean 37.05 95.65 72.33 13.18 77.73

4 options lower 29.47 75.67 62.33 -5.07 67.04

upper 44.63 115.62 82.33 31.43 88.43

T4 Mean 58.27 103.49 108.92 37.93 126.18

5 options lower 47.02 75.64 90.66 13.04 105.34

upper 69.53 131.33 127.18 62.81 147.02

T5 Mean 51.92 177.34 120.44 39.56 132.84

6 options lower 40.55 140.81 99.62 12.29 109.33

upper 63.30 213.87 141.26 66.83 156.35



Outlook

• Czajkowski et al. (2015) conclude that using three or more options per 
set could be a way to increase efficiency without biasing results

• Well, number of options seems to matter – at least in this study

• Next steps in analysis
• More advanced models (taste and scale heterogeneity)

• Influence of familiarity on choices, e.g. visits to Baltic Sea

• Influence of decision making style on choices in different treatments


